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Global Health Financing 2019
Total US$ 41 billion

Donor Amount USD % of Total Per Capita % of GDP

Canada 1.1 Billion 3 29 (CDN 38) .06

US 12 Billion 30 37 .06

Gates Fdn 3.9 Billion 10
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What are people dying from?
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Global Deaths 2019

Non-Communicable
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Informatics Working Group
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Outputs

Informatics Working Group

Year 1                1.5                Year 2           Year 3           Year 4           Year 5

2. Map landscape, 
quality & access for 
existing data
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Ethiopian poultry dataverse trail
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Ethiopian poultry dataverse trail
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Ethiopian poultry dataverse trail
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How do you get the data?

• Downloading files 

• Scraping Websites
• Data is only available on webpages

• APIs (Application Programming Interfaces)
• Machine to machine communication 
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The Road to 
Reproducibility

Data quality

Acquisition and 
ingestion of data 

People and 
processes

Code

Dashboards

High 
quality 
models

Data 
harmonization

Informed 
decisions
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http://www.gbadske.org/Documentation/DataGovernanceHandbook/intro.html
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Informatics – Road to Reproducibility

1. Values and goals
2. Data and metadata quality
3. Data ingestion and acquisition
4. People and processes
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Informatics – Road to Reproducibility

1. Values and goals
2. Data and metadata quality

2.1. Data sources
2.2. Internal data quality assessment
2.3. External data quality assessment

3. Data ingestion and acquisition
4. People and processes
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2.2. Data Quality

• There are MANY dimensions of data quality.

• Don’t reinvent the wheel – we do the work so you don’t have to! 

“Data preparation accounts for about 80% of 
the work of data scientists” 
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2.2. Internal data quality assessment

• Internal data quality: WITHIN a single data source and/or provider, 
what is the quality of the data?

• Dimensions of internal data quality:
A. Accuracy
B. Credibility
C. Completeness
D. Consistency
E. Data format availability
F. Longitudinal credibility
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2.2. Internal data quality assessment: Dimensions of 
internal data quality

A. Accuracy: Do the data show realistic values and data types?

For example: 
• Metadata reflect the content of the data
• Outliers in data are minimal, or when present are realistic 
• No floating-point numbers (decimals) in animal population numbers
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2.2. Internal data quality assessment: Dimensions of 
internal data quality

A. Accuracy: Do the data show realistic values and data types?

54% incorrect data type
Decimals for cattle population 
data

Data Source: Department for Environment, Food and Rural Affairs, Government of the United Kingdom. (2021). Statistical data set: Structure of the agricultural industry in England and the UK at June. [Data 
file]. Retrieved September 13, 2021 from https://assets.publishing.service.gov.uk/government/uploads/system/uploads/attachment_data/file/946266/structure-june-eng-series-22dec20.ods
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2.2. Internal data quality assessment: Dimensions of 
internal data quality

C. Completeness:
Does the data contain any missing or incomplete values? Is the 
difference between uncollected/unknown and 0, imputation etc. 
clear?
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2.3. External data quality assessment

• Agreeability:
• Do "same observations" from different sources report same number?

• How do collection methods reporting same observations compare? 

• Are missing values consistent between data sources? 

• External data quality: What is the quality of the data BETWEEN 
different data sources? 
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Informatics – Road to Reproducibility

1. Values and goals
2. Data and metadata quality
3. Data ingestion and acquisition

3.1. Streamlining ingestion of data into GBADs 
3.2. Data licensing
3.3. Data provenance and citations
3.4. Code: GBADs GitHub

4. People and processes
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3.2. Data licensing

Personal contacts are not 
enough!

For more information about GBADs data licensing: http://www.gbadske.org/Documentation/DataGovernanceHandbook/dataOwnership.html

Purposes of data licensing:
1. Data licensing is often a legal requirement 
2. Protect and respect data contributors (CARE principles)
3. Inform data users (who, how and when can you use the data?)
4. Inform system view (private data, group-access data)

Image from: https://www.gida-global.org/care
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• Just like written 
communications, 
data needs to be 
cited too!

Where is this data from!? 

3.3. Data citations
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3.4. Code: GBADs GitHub

• A place for sharing code for models such as biomass calculations

• Allows us to convert code into tools, streamline calculations and 
contribute to Open Science and reproducibility

• Best practices for R code in Data Governance Handbook
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Informatics – Road to Reproducibility

1. Values and goals
2. Data and metadata quality
3. Data ingestion and acquisition
4. People and processes

4.1. Working with other themes

4.2. What the Informatics Theme can offer to others
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How 
much are 
we losing

How much 
are we 

spending

Absolute 
burden due to 
each disease

Relative burden 
compared to 
total burden

Who across 
society is 
affected

Attribution by disease, 
health problem and accidents

Impact across 
the economy

Livestock
populations

Their 
biomass

Economic 
investment in 
animals and 

infrastructure

Animal Health
Loss Envelope

GBADs - Analytical structure

Rushton et al 2021
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Accurate estimates and 
estimates of data quality 

https://animalhealthmetrics.org/


https://animalhealthmetrics.org

Livestock
populations

Their 
biomass

Economic 
investment in 
animals and 

infrastructure

GBADs - Analytical structure

Rushton et al 2021

Antimicrobial
use

Accurate estimates and 
estimates of data quality 
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Antimicrobial
use

Accurate estimates and 
estimates of data quality 

Climate 
change
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One 
Health
Data
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One 
Health
Data
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